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packaging

Abcrart — A specialized information system of the
enierprize har heendeveop ed for forecasting and raw maieriale
ordering, whichallow s for the op imization of warelhouse stocks
of raw materialz and reduces the risle of under fulfillment of
orders for finiched producis. It & Imporiant to condrol
warehoure siocly and orders £r hask raw naierials of pure
il The eszenwe of co nirol comes down to constant mondior ing
of raw muaierialb alancer in warehouses, and forecasting orders
for hase filne in advarwe, since the execulion of raw material
debweries i ales sireiched from hwo weels to several nwmithe.
The developed program awomatically tales indo arcound the
availahle halanwe of raawr materiale inwarehoures, the ordered
gquantity, and the required guaniity according to b recasis,
whichinproves the raw na terials turmover ratio inwar ehouses,
Az customer expectations amd heharior change dynamacally,
haring such demand forecasting sofiware enp owers co nipanies
amd helps them respomnd guicldy to changes. An analytical
decizion-making nwec handeni b ased on a weighiing funrition that
provides the degree of raw maierial relerance for an o rder has
hemproposed. Recommendatio ne hareh een grren for choos ing
wekrhting fumctio n coeffiriends. T he research results have heen
inplennended in a husiness process at an enderp rise engaged in
the prodwtion of flexdhle packaging The advandage of this
sriem ¥ the werfriendly inderfare, in partic ular the advisory
component regarding the need and number of orders.

FKepwor & — info rmation s i5tem, forecasting dewand orders,
raw materials cptimazaheon, MY Exeel ME S0 Server, d atabase,
big data.

1. IHTRODUCTION

Irfotmation techiologies affect the activty of a gecific
erterprise, which alows implemertation of the task of
managing production processes, to improve the information
aypott of the system of forecasting orders for rawr materials
atd demmand for goods

By forecastingfishare demand for goods, ywou can calewate
the optitmad ranber of raw materids of goods inwarehouses
without creating a surplus or dhortage. Thiswill &l ow youto
avoid overpayrments for excess storage, or, covversely, help
you prepare in advance for the rudh dwing periods of
it eased zales.
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Modern budnesses can save a signficant amowd of
ooty by uang techncl ogy solutions. Budne ss analytics and
mactine learring are inpoatant tools in the decision-making
process as they solve marry problems in the fleld of siness
decisd o making,

I[I. BTATE-OF-THE- ART

Diiffer ert methods have been proposedin the scientific
litetatiwe for forecaging demand and product orders for
businesses

The creaticn of separate departmerts for demand
forecasting it enderprizes gopeared at the end of the lagt
cerhuy. At fird, forecasts were mostly based on simple
statistical models and methods such az averaze walue,
smoothing o itdinctve judanent Later, with the
developrment of tectrwloges in the fleld of storage and
processitg of big data, the process of forecasting dem atud and
otders of goods has undergone significant changes and has
becotne an indigensable tool for naming a busitess of
different sizes and inchstries of enteni ss.

Typicaly, most compard eg due to data privacy policies
donot publicly disclose the methodologies they use to create
their sales forecasts, making it dffindt tolearn and analyze
these methods,

Let us review the literatire on the use of mathematical
models and modern infomation teclrologes to etsice
optitmization of both the budness managem ent process iteelf
atd the set of technicd means for its implementation.
Erterprizes are beginting to implemert infosmation systetms
for managemernt and decisorrmaking [1] weing business
atwlytics [2]. Business analytics studies important factors of
tegiond econowde growth [3] and plays a key role in
Frorrnl atitz erterpri s drategies and creating decision sopport
systatts based on ddfs analysiz fhwoushout the budness
process. First data on sales from the marketis collected, and
thery, based on the data fubwe demand for products is
forecasted

The demand forecasting method uses the collected sales
datato atalyze and create an egimate of the aurent cusom e



detiand firecast O ommpetii onit the moadoet requires making
tecessary decidons ad plarving for figure tisiness everts
such as production, saes ordering raw materialg ete

The problem of determining demmand for products and
services iz of irtere & to the irternational sciertific commosdty
atwd enterprise managemert since it is an effective tool for
iereasity  ecotwoinic  profits and  competitiveness of
erferprises.

Let us cong der the main knoen methods of for ecasting

Aecwrate fore casts of demand fom products are cracial for
the production, proowemernt, and sale of raw material stocks
fromm warehowses. The relevance of this topic is disclos din
[4], which considers the use of waious methods for
fore castingg the need for materials and cal ollating the safety
stocks of raw mated s,

Iodels for foreca sing dem ared for peridhable products in
food trading comparies are oot dered it arti cdes [3,6].

The review aticle [7] presents different gproaches to
fore casting including the entire demand for goods, analysis of
the forecast it the agyply chain ete.

Accurate forecasti ng of product demand is a competitive
afratitage for businesses for all components of the supoly
chair, includingretalers Approaches such asm ovingaverage
[2,9] weighted average, atd exponertial smoothing e
comtunotly wsed for demand foecasting. However, such
sithiple approaches may lead toincreased irventory holdings
atud tray ot always cover distritagtion cogs when demand
treruds are nionlinear. The proposed model can help retailers
make infonn ed itvverd ory management decisions leading to
inprorred operati onal efficiency atd profita bility

Forecaging  product  demand  is  importat  for
manfactwing  companies as it provides the bass for
production gl awing Forecasting product demand can be
cottplex as customver teqatements often depend on severd
factors. The neared neighbor model canbe consdered as an
dternative to forecaging product demand in an incistrial
cottext to enmwe high forecast acowacy over a shoet
calodlation period. In this costext raw materidl irsestory
otdets aswell asenterprize sofbwrare system s are lagely based
oty product detmand forecasts, and custotrer reques s are met
direclly from findished gpods itvvertory Typlcally, forecasts
are calolated weekly or morthly for appeosimately one yeat
hase don tithe series of past customer orders [10].

Titne seties forecasting todels  dem orstrate high
efficiency in warious aeas of the economy [11, 12].

The integration of applicaion methods and  the
possitilities of Wg data reseach indo the process of sales
planting, and demoand forecastingin the supply chain began
to be widely used in maketing to wnderstand and meet the
tieeds and expectations of cusomers[13,14].

Ilost enterpei ses vse methods based onmackine learning
[15] and deep learning [16, 17] to design their forecasting

informati o systen s.

Forecaging dematd for different product cate gories is an
inportant tade for retal egpecially onspecia calends days
that differ 5 graficadly from demand onnormal days. Such
fore casts are it dats for solvitg the ordering goods task
with the help of machine learring ad atificial newra
et otz [18].

& moddd of Evdlving Mewd Netwok predicion by
integr atinge Genetic Algorithans and a Mewal Nebwork was
developed in the articles [1920]. Long-term forecaging in
evolving data grearnsis desoribed in [21]

The authors of the articles [22-24] presented a decision
suppott system from o digitd trandormation view in the
Indnstry 4.0 perspective for irveertory  thategemert,
cogrbiring fEzy multi-criteria methods, genetic dgorithims,
and artificial newral neteroks and Compaters & Industrial
Engneering

[II. DEMAND FORECAS TIHG

The god is to develop a specialized information system
for forecasting atd ordering raw materials allowing for the
optitmization of raw matesal stocks and the redoction o the
tids of wnderfil fillm ert of of ders for firdshed product s,

T asks that have tobe solved for sear ching the goal:

¢ Bazd on the analysis of the corrent state of the
problem, redew of Ltersy sources develop the
architechae of the irformation system that wodd
allow sobvingthe problem of forec astitg rawr moaterial
stocks

¢ BResarchthe data atrays containe din the raw moaterial
warehouse accownting system.

¢ Find the optimal ratio of the weight function
coefficlernts.

&  Check the relevatice of theresulting model anreal data
[usityz the example of flexitle pack aging procuct o).

Drem and forecasting i never cothpl etely acourate, ntitis
necessary because it helps to make effective financial
decisions on production atd moatketing costs. Plarring helps
cottrol the roynmber of raw mat erial stocks, tudzet, sndpricing
pdicy.

Forecasted data helpsto make effe ctive financial decisions
about operationsl  production, and maketing coss In
addition, a clest pictore of the expected demandwil allow you
to plan per sorne ] costs andre di dritnde resources dringpe ak
petiods of activity.

Dremvelopitig a i cing st ategy focuges on determiring the
right price, taking irdo accoud cument market activity and
demand for products, whichis key.

Diemand forecags help us to adust pricing poliey
depeniding on the situstion and set up tools for its
implemm entation in advane e (promot ons, dscowt s proos,
ete]. By analvzinsthe market and potential opportuti es, wou
catt et competitive prices atd v approptiate matketing
strategies for the cost of goods.

By predicting fubwre demand, you can caloulate the
optithal amout of goods in warehouses withog creati ng
excess gocks In this way, you will avold overpaing for
excess storage, of, on the contrary, wouwill be able toprepare
in adwrance forthe ex citerm ert dring inereased sales. Demand
forecastingisadd sabletouse regard ess of the field of activty
— be it retail, phasw acetica compary, consnaction, food

COfpatsy, eto.
Mlost athors d dinguidh theee types of demand Forecasts

*  Shott-term.



& Dledim term.

¢ Longterm.

Factors affecting forecaging [23]:

e Selected forecasting period.

& Seasond ity of goods

& Current iroreritory lesel s

s Srale of crders

¢ Competitioninthe goods market

« Consaner Trends

s Price
& Product avvailabdlity.
o Geograply

Factors can be major of accessoty. Some factors can
signifi cartly affect it ome, ad others — ordly to a small
extert [26].

Dretnatud fore casting duodld integrate the analysis of past
trends matket conditiong ousomer feedback, and other
factors to detesmine the expected sales wolume of the product
after the order. Companiesuse product demmand forecastingto
plary thed ¢ product on and marketing ac cordingly.

Procuct forecading is an impodant part of procuct
matiagen ert. By forecasting demand compardies can ensure
thesy have sufficiert raw material stock to cover expected
otders without excess raw matetal stock and ridk of finaneidl
loszes.

This thak esit possible to optittdz erawr at erid stocks and
tecace the risk of wnderfidfillmert of orders for firddhed
products

Forecaging demand for certain poducts can help
sinesses forecast sdes growth and evaluate ther pricing
strategy atud adjust it if nece ssary to maim ize profits

& busine ssmustimake inform e d dect 8 ons abhost managing
its raw materid irventoery, sopply chein processes  and
product  matnfacteing. Order forecasting is prediction
proc ess of the mamber of product crders abusine ssis likely to
receive inna given period Therefore, erderprizes needto have
a sufficierdly acourde forecadt of orders to enswe they can
meet custorrier demand while mirdmiming invent oy and
production costs.

Erterprizesmust m antain safficient levels of raw material
stoc ks and avoi dtheir shortages, reducingthe risk of excessor
shortaze of raw material stocks At the same time, it iz
tiecessary to take itto accowwd the expiration date of raw
materials and the teems of delivery of rawr materials to the
warehouge in arder to have titme to flfill the order ontitme.

Cotn patries cat re dace costs by ordering the v ght st
of rawr material invertory, edocing inverd oy holding costs,
reducing waste, and avoiding depreciation This canhelpthem
it ease their profits.

It helps compatdes plan pru:udu::ti ot1 processes atd supply
logidics, and optimize their pricing stregies, ensuring they
caty theet oustomer detnand whil e mindimizing {sventory ad
production costs

Product order forecasting can help businesses i ove
cudotm et satisfaction and day competitive. When enterprises
harve the right roymber of raw materialsin stock, they canfilfill
cugomer orders quickly and efficiently The remit iz an
iticrease ity cudomer satisfaction aud logaltsy

1T sityz real-titn e dataandadvane edforecasting techiicue g
cothpaties car gait a cear wnderstanding of theit irrertory
levels atud demand patterns, allowing them to make informe d
itvveritoty ordering decidons.

Drem andforeca stingzin rawr material supply chain plain g
AN ES:

¢ Reducing the shortage of raw mat erials, ie. enasing
the required roxnber of stocks.

s Avoiding excesdve stocks

o Avoiding wmecessay cods for storage of raw
materi als or goods.

¢ Plarming production scheddes.
s Competitive pricesfor goods

¢ Plarming of persormel costs and if necessay,
redigribition of resoxces duing periods of sales

hige.
¢ Eeducingthe duration of the order filfillment time
e Agsegsment of fubye income from product sdes
¢ Cadh flowr manages et

¢ Dubstadiation of new irvesments and enterprise
expand oty plans.

e Increasing the level of service satisfaction and
cugotn e Loyt sy

Based on predicions of moaket fluctusti ors, demand
tretuds, changes in conmaner capacity or other externa
factor s, enterprises will be able to mordtor contingency plans,
reduce potertial rides, and respond to dynamic changes in
adkratice.

C onsider the process of plasing orders for raw materials
for the production of packaging products. The production
process of packaging film ha s mary stages. Ace ordingly, the
specific or der production is dretched over time andrequites
acoyate plawd g of production processes The dewviation of
ote stage of product on from the norm in terms of quality or
postpotiem end of the production of products due to the lack of
ravw moaterials (for exargple, clean filmg will 1ead to material
atwd repnatati oral losses.

The essence of raw materials control comes down to
congtart mordtoring of raw moaterial balance s it w arehaoses,
atud forecasting orders for base films for some time ahead,
sitice the delivery of raw materials, it turn, iz stretched fom
taro weeks to several momths Forecasing rel ative Iy constard
orders gves a more stable resdt for the production of the
firdhed product. To forecast ivegular random orders a
stochagtic model can be used which will analyze the
production and sdes of firdshed products over a fairly long
period, for example wittin the last wear, in terms of
geteralized fype s of base films, and (the model) will take into
accourt the experience of sal es managers who can cordribite
adjusting quantities irto the model to improve and refine the
final predictions.



The information sydem condsts of a raw materials
warehouse accoting subsrsterm, a primeay information
getierati on saheystem (BAF RS with Oracle Database)), an
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atilytical forecasting subgrstern, and a data analysis and
izl ization sabayd em (Fig 1.
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Fig.l. Information system architec tave

The proposed model combines the ahove principles. The
software 15 built based on M3 Ex cel and I3 2301 Server. The
gt wprocessed data of the model, such as customers and
qpantities of firdshed prodocts ordere d statistical data abost
firdshed products, sl raw materials are doredin the MEE0L
database. The results of the cquety soript (data procesdng and
selection of statistically significantreslts) are export edto I3
Ezcel

The activetables provide information oo the procdoct on of
firdshed products for the year by moorth We can view active
otdets that are oerently being processed, aswell as avalahle
fore casted flexible packaging pro ductionwolum es for the next
gix tmorthe, Managers can andyze the quantities and make
tiecesaary adjudiments to the modhly forecasts. (Fig 2.

The program  astomatically takes into mamber the
arailable halatice of raw materid s inwarehouses the ordered
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cuartity, atud the recquested quarti ty according to forecasts.
The coresponding readt iz reflected in the bredodown of
otders fior raw materials andfinished product s Thelack of raw
moateri dlzis digolagred with amirs ggn andtintedinpink For
products a goecial whilization ratio is entered, which is
tecorded as a percertage. For products with a ldgher
utiliz atice ratio, the program gives a mote saccesstul forecast
for raw material orderg for products with a lower utilizati on
tatio, the decision of the mahager is the decisive fartor for
otded ng rav moateri als (henan factor, the person makes the
final decisior]). The “statad” field provides patterned
(patterned)  recommendations regarding orders  and
avalability of raw materiala The fleldhas a recommendation
nahwe and is filled basd o a weighting function
(programmed in 300 that takesirto accourt the utilizat on
rate.
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Fig. 2. Stat ktice of the production o finidied prodacts of fldbk pack azing



W empiticaly choge the coefficients atd digribotion o
the weight fanction based onreglond characteristicsandlong-
term observations of the specific production of flexible

parkagng(Fig 3).
The man paranet ersinchide the characteristic patterns of
statnaes For example, witha negative balanee inwarehoises
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atiwrgett order is recomimended For products whose usg
televanice exceedsd0 %, addtiona orderitg isre commended.
It'snot preferable to acoummd ate stocks of raw material sinthe
warehoase with less than 6% relevanee.
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Baged on the practical needs of the production of flexibl e
packagitig the plamming of raw materia supelies and contrcl
of stock balances is cartied oot for the ourrent moonth and the
text three morths

Orders for the prodaction of flexible packaging are
submitte d for g oce ssing and plamed according to the time of
execition acoorcding to the proche tivity of moachines (pristing,
laminating, outting, ete.).

To facilitate decid oremalang on the fonmation of raw
materiadl ordersfor the warehouse, an analytical model isused
based on a weighting functior, which gives the degree of
comtpliatice with the order in percert The higher the
percertage, the more relevant the raw material film iz for
otdesing hoth for product onneeds andfor stockpiling

The weight fancti on retums the degree of relevance - the
coefficient of use “COEFF USE™:

ROUND(O.5 * [rel_perc] +0.5 * [of perc])

& werbal description is prodded inthe “3TATUE™ colume
It contains recommendaions indicating the recom mended
cantity (e d) for crderingraw moateri alafor storage.

The statns “order urgently” iz determined by the
cotuditions:

([QTY _REST]+[qd all<[qty raw all[aND(] delta [ D]::Elj
The stahis “recommend to order  addiionaly”
determinied by the difference bhebween the total avaﬂa}:ule
cuattity of raw thateri als i warehowses and the necessay

cecdered cuantity for production and the amowt of raw
materials ot the way
[ty raw all]-[QTY REEST]—[qd all]

The foll owing wed ghting funct on from rating ranges is
used for verbal deseriptions of resudts:
1y ROUTHDY 0.5 *[rel perc]+0.5* [of perc]) »= a0
&) ROUNDY 0.5 * [rel perc]+0.5* [of perc]) < 60 AND
ROUND{ 0.5 *[rel_perc] + 0.5 * [of perc]) ==37
3 ROUNDY 0.5 *[rel perc]+0.5* [of perc]) <37 AND
ROUND( 0.5 *[rel_gperc] + 0.5 *[of peac]i==6
4 ROUND 0.5 * [rel perc]+ 05 * [of perc]) <6

Where:

o ROUND —the rowuding finction

o (5 — coefficient inthe formoala on the assumptionth
the cordritnticty of cal culati on foreca sbe and m anagers
ecpaally affects the weight function

*  [rel_perc] — statistics, the rate of vse of film-raw
materids over the ladt year, caoulded bazed on
fird dhed products

o [of perc] — coefficiert of forecaging by managers.
The coefficiert of vse of film-raw materials based on
forecasts is caleulded from longterm forecasts of
fird dhed product orders brr i ana gers



o [QTY REST] — cwrently avalable temsiting rawr
material film inwarehouses, kg

o [gd all] — all rawm aterials onthe way — amourt bey

month, kg

o [ty taw all] — all recuested raw materials - an ot
i ordl, kg

o - [delta 0] — quartity (shotage) of raw materidl sin the
ot ettt orith,

Lets congder the generalized coefficients and their
cotpotertsin more detal.

The coefficient [rel perc] is calowlated by the following
form ula:

ROUMD( [ rel_perc_8])

+ 4 * IF([gty_raw_all] » &, 1, @) © if there_
iz an active order, then we add another 4% to_
the relevance

+ 3t TIF([AVS _DENOMIMATOR] = 12, 1, @)
‘denominator, if 12 - then =zomething was done_
every aonth

Wihere:

o [rel pere 0] — % of film use according to 2 cHteria

(roxrber of meetings and kilograms) by categories of
filmerawmaterials for the LAST YEAR - 12 mornths.

o [oty taw dl] — all recquiested raw material 3- amount
it .

o [AVCG DENOMMNATOR] — denotndnator, it cates
the availability of't his tyrpe of filtn by orghif 12 - then
sotn etttz wra s done everym orth (1 for eachom ondhy.

Let's consider the coefficient [rel perc 0] inmore detail
The constants-coefficients in the following weighting
functicn are derived from the applied needs and methods of
uang the raw material film in production, guided by the
followitig provisions:

e [fthe munber of usesin avyea ismore than 36 timesg
then this film -raw materid can be recommended for a
perm anent order, we sandar dize it withthe walue of the
coefficient "3E"

e FPercertage within the filtn type — bebreen the max
and min waues — we nonmdize the peaks by the
aver age walue mudtiplied by g x (that iz if there will he
crchers fior the filin in abost a month), we noemalize by
the sralue of the coeffic et "38".

o Ifit isused more than 12 times a year OF more than
the average AVG in the film type category, we
naemaliz e it with th e walue of the coefficient "2".

e [fmore than 1200 kgare used per year, we normalize
the fuel by the walue of the coeffi clent "6".

o [If durirg the last 30 days, samething was made from
this raw material, then we add 2% — for the
"freshmess" of the order, we normalize the walue of the
coefficient "2".

¢ The agorithen for forming the weight funct on for
[rel_perc 0] will lock like this

The algorittwn for forming the weight finction for
[tel_perc 0] looks like this:

IEATF([ent] »>=36,1.8, RAUND([crt] # 36 3 3

+IEFTFL MAX([gty]y OVER([Filn type]s »= 3 *
SUM{[aty 1y OVER([film_typely / COUNT{[qty]}
OVER ([ f1lm_type 13

JIFC [ty ]>=3*SUM] [aty]) OVER([film_type]) /
COUNT( [gty ]y OWER ([ film_tvpe]y, 1.8

SROUNDC ([ gty ] 3/ (2*5UM0 [qhy 1)OVER ([ Filn_type ]
3/ COUNTE [qty ] JOVE R [Film type]di, 23 3

SROUNDE ([ gty 13 /Ma X [ gty ] pOVERC [film_typel),
23

+5*IF{[cnt]s= 12, 1

o IF([gty] »= SUM{[qgty]y OVER([Filam_type]) /
COUNT( [qty ]y OWER ([film type]d . 1, 833

+ 6*IF(c3.[gty] »>= 1288, 1 , @3

+2*IF{DATEDIFF( DAY, [time_beg_max ],
GETOATE( 33« 3B, 1 , 83

Where:

o [cnof] — the manber of times (prodoction orders) of

ugnz thi stype of film [film type].

o [oty]— quantity of K5 of raw film within thefilm type
[filtr_tyrpe].
e [film_type] — raw material film type.

s [time heg max] — poduction date of the lad order
cottairingthe rawe material film type [film fape].

Alen, an important seiliay analytical foncion is
petformed ber the roanber of crders "WMRMERQTY" according
to production orders for the wear, and the tota mamber of
manfachred products "OTY KG" uang this type of raw
material | Predicted deviations - the need fior chee s in EG in
the ouarent andnext three m orths are refle ctedinthe columns
"DELTA 0", 'DELTA 1" "DELTA 2" and 'DELTA 3"

These indicators allow the manager to see the achial
amont of film -r awr moaterial used andto estim ate the need for
at otrder for the warehouse.

&1 the constants in the formdas of the weighting
functicns are derivedfirg empiricdl v from asswmptions and
cotid der ations, and then refined to a greater or leszer extert
chat 7 the practical use of the sofberare by manazers during
the lag two years of flexible packag ng prodaction

Figared shows in the for moof a graphithe use of metalized
film of ME TAL F&W raw materials for the mamafactie of
fird shed products of fl exible packaging based o it. The Hlue
graph showrs the actual ussze of METAT BATWW owver the past
wear. The red graph shows the planed mom ber of products
that needed tobe produced by moth. The gray graph shows
the forec ast man ber of MET AL B AW raw material by morth
withthe forecas from the current month to the next 3 months,
The forecast moded inclodes gatistical actod deta from
previous motths and forecasted cuarditie s of recquested raw
materia § which managers predict maroally (masal). The
motth of September at the momert of writing the article does
fit have the fullness of actodl and plarmed walues
accordingly, we see a decline on the graph. The forecast
schiechile has a pogtive trend for the next 3 months,

Trends in the use of BOPF RAW raw materials are
followed ity a comnpl etely Samilar way inFigwe 5.
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Fig. 5.

Iv. COHCLUEAON ANDFUTURE WORI

& information system based on M3 301 Server and
Excel has theen deweloped, which imyplemerts a
cottuptehensive appeoachto solvingthe problem of optimizing
otders and raw material balances in warehouses.

& analytical decis oremaling mechanism based on a
wed ghting fixction that prowdes the degree of raw mat erial
televanc e for an o der hasbe et proposed.

Recomerdations hawve been gwven for choodng
wed ghting finction coefficents

The research reaidtshave been impl e erted it a basiness
process at an erterprise enga ged in the production of flexible
packaging,

The acdbrattage of this system is the userfriendy interface,
inpartioalar the advisory componett regarding the need and
rnan ber of orders.

&0 irformation syaem for forec asting and ordering raw
materids canhelp operations by determinitng boar Longit takes
for products or components to arrive after an order, when
trrertory tieeds to be reordered, and how much irsentory
tieedstobe it gock tom et peak demand D emandforecasting

Craphic s of the uce, plarn g, atd forec astivgg of the BOPP FOW roar thateria 1imetallize d fikn

will help you keep enough raw materials in stock withost
W agtit g pr ecious storage space for we cessary o ochacts.

S ophisticated irveentory tanagement sofbarare can help
yon autotn ate nrvert ey Fare casting aswell as other tasks such
as setting recrder points.

Today, when oudomer expectaions and behaor ave
changing more frequently than ever, having flexible and

acourate detmand forecasting softerare ampos ers comparies
atud helps them respond o ckly to change.
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